
HAL Id: pasteur-01570228
https://pasteur.hal.science/pasteur-01570228

Submitted on 28 Jul 2017

HAL is a multi-disciplinary open access
archive for the deposit and dissemination of sci-
entific research documents, whether they are pub-
lished or not. The documents may come from
teaching and research institutions in France or
abroad, or from public or private research centers.

L’archive ouverte pluridisciplinaire HAL, est
destinée au dépôt et à la diffusion de documents
scientifiques de niveau recherche, publiés ou non,
émanant des établissements d’enseignement et de
recherche français ou étrangers, des laboratoires
publics ou privés.

Distributed under a Creative Commons Attribution - ShareAlike 4.0 International License

Small RNA fragments derived from multiple RNA
classes - the missing element of multi-omics

characteristics of the hepatitis C virus cell culture model
Paulina Jackowiak, Anna Hojka-Osinska, Anna Philips, Agnieszka Zmienko,

Lucyna Budzko, Patrick Maillard, Agata Budkowska, Marek Figlerowicz

To cite this version:
Paulina Jackowiak, Anna Hojka-Osinska, Anna Philips, Agnieszka Zmienko, Lucyna Budzko, et
al.. Small RNA fragments derived from multiple RNA classes - the missing element of multi-omics
characteristics of the hepatitis C virus cell culture model. BMC Genomics, 2017, 18 (1), pp.502.
�10.1186/s12864-017-3891-3�. �pasteur-01570228�

https://pasteur.hal.science/pasteur-01570228
http://creativecommons.org/licenses/by-sa/4.0/
http://creativecommons.org/licenses/by-sa/4.0/
https://hal.archives-ouvertes.fr


RESEARCH ARTICLE Open Access

Small RNA fragments derived from multiple
RNA classes – the missing element of
multi-omics characteristics of the hepatitis
C virus cell culture model
Paulina Jackowiak1, Anna Hojka-Osinska1, Anna Philips1, Agnieszka Zmienko1,2, Lucyna Budzko1, Patrick Maillard3,
Agata Budkowska3,4 and Marek Figlerowicz1,2*

Abstract

Background: A pool of small RNA fragments (RFs) derived from diverse cellular RNAs has recently emerged as a
rich source of functionally relevant molecules. Although their formation and accumulation has been connected to
various stress conditions, the knowledge on RFs produced upon viral infections is very limited. Here, we applied the
next generation sequencing (NGS) to characterize RFs generated in the hepatitis C virus (HCV) cell culture model
(HCV-permissive Huh-7.5 cell line).

Results: We found that both infected and non-infected cells contained a wide spectrum of RFs derived from
virtually all RNA classes. A significant fraction of identified RFs accumulated to similar levels as miRNAs. Our analysis,
focused on RFs originating from constitutively expressed non-coding RNAs, revealed three major patterns of
parental RNA cleavage. We found that HCV infection induced significant changes in the accumulation of low copy
number RFs, while subtly altered the levels of high copy number ones. Finally, the candidate RFs potentially
relevant for host-virus interactions were identified.

Conclusions: Our results indicate that RFs should be considered an important component of the Huh-7.5
transcriptome and suggest that the main factors influencing the RF biogenesis are the RNA structure and RNA
protection by interacting proteins. The data presented here significantly complement the existing transcriptomic,
miRnomic, proteomic and metabolomic characteristics of the HCV cell culture model.
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Background
In recent years, the spectrum of known small non-
coding RNAs has significantly expanded along with the
discovery that virtually all RNA classes reproducibly give
rise to a broad repertoire of stable, well-defined frag-
ments [1–4]. Their accumulation levels depend on the
cell type and physiological conditions [2, 5–7]. Such
RNA fragments (RFs) have been identified across king-
doms of life, and some of them have been proven to

have regulatory functions [1–3, 7, 8]. The most extensive
functional studies of RFs currently focus on their role in
RNA silencing pathways and the regulation of transla-
tion. There are several reports showing that fragments
derived from a variety of RNA classes (rRNA, snRNA,
tRNA, mRNA and vault RNA) associate with Argonaute
(Ago) proteins, the key components of the RNA-induced
silencing complex (RISC) [9–11]. However, silencing
capacities were proven for only a few of these RFs [3,
12–14]. Moreover, some observations suggest that Ago-
binding RFs can modulate the posttranscriptional regula-
tion of gene expression via competition with small inter-
fering RNA (siRNA) and/or micro RNA (miRNA) for
RNA silencing machinery proteins [11]. Another well-
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established role of RFs is the regulation of translation
[15–19]. They inhibit protein biosynthesis by interaction
with translation initiation factors [16] or with ribosomes
[18, 19]. Several other postulated functions of RFs include:
(i) tRNase Z guiding [20], (ii) regulation of p53-dependent
apoptosis [21], (iii) regulation of alternative splicing [22],
and (iv) involvement in signaling pathways in plants [23].
Considering the ever growing catalog of mechanisms that
engage small RNAs as regulators [24–26], RFs have
emerged as an important component of each cell and a
rich source of potentially functional molecules.
Since the discovery of RFs, it has been observed that

they are formed in response to various pathological pro-
cesses. There are a number of reports showing a prom-
inent accumulation of RFs under different stress
conditions as well as in cancer [5, 27–30]. Unfortunately,
little is currently known regarding RF production in as-
sociation with viral infections. The production of tRNA-
derived fragments (tRFs) was observed in cells infected
with human respiratory syncytial virus (RSV). One of
these tRFs, tRF5Glu-CTC, suppressed host apolipopro-
tein E receptor 2 (APOER2) mRNA and thus promoted
RSV replication [31, 32]. In contrast, increased accumu-
lation of tRFs was not observed in cells infected with hu-
man metapneumovirus (hMPV). In case of hMPV
infection, tRF profiles did not change despite consider-
able alterations in the miRNA pool [33]. Significant
changes in the accumulation levels of several tRFs were
also reported upon apple stem grooving virus (ASGV)
infection. The authors of this report suggested that tRFs
might be involved in a host-virus interplay [34]. Re-
cently, Selitsky and coworkers reported on RF accumula-
tion in the liver cells of patients with advanced chronic
hepatitis B or C and associated hepatocellular carcinoma
(HCC). They found that the levels of tRNA-halves were
significantly increased in non-malignant liver tissue of
patients with chronic viral infections [35]. The tRNA-
halves accumulated at lower levels in HCC tissue and
were least abundant in the FT3–7 cell line, which is a
clonal derivative of Huh-7 cells (a well-differentiated
hepatocyte-derived cellular carcinoma cell line) obtained
following transformation with a Toll-like receptor 3
(TLR3) expression vector. It is worth noting that little is
currently known regarding fragments that form upon
viral infections and are derived from classes other than
tRNA.
Globally, the hepatitis C virus (HCV) is a leading cause

of persistent liver infections that can result in cirrhosis
and hepatocellular carcinoma. HCV has a single-
stranded (+)RNA genome, in which a single open read-
ing frame is flanked by regulatory 5′ and 3′ untranslated
regions (5′ and 3′ UTRs) [36]. The RNA character of
the HCV genome has significant implications for viral
replication cycle and host-virus interactions. Firstly, the

genome is copied by an error-prone RNA-dependent
RNA polymerase, which results in the generation of a
set of diverse variants, referred to as quasispecies [37–
39]. This high genetic variability allows the virus to rap-
idly adapt to environmental changes, avoid host immune
system response and produce drug-resistant mutants;
thus, it is considered a therapeutic challenge [40]. Sec-
ondly, HCV infections involve extensive interactions be-
tween the viral genome and a variety of host-encoded
RNA-binding proteins, as well as a cross-talk with
miRNA pathways [41–49].
For the long time our knowledge on factors shaping

the early stages of HCV infection had been very limited.
The situation changed after the development of the
Huh-7.5 cell line-based HCV cell culture (HCVcc)
model. Its application has allowed to elucidate key as-
pects of viral infections and host-virus interactions [50].
Our understanding of acute and chronic hepatitis C has
been greatly accelerated by high-throughput analyses of
the HCVcc transcriptome, miRNome, proteome and me-
tabolome [51–54]. However, information regarding RFs
generated at the very beginning of HCV infection, before
chronicity is established, is still missing.
Considering the recent evidence demonstrating the

importance of RFs in various cellular processes, we char-
acterized the pool of small RNAs (15–82 nt long) that
accumulate in the Huh-7.5 HCVcc model. We found
that Huh-7.5 cells contained a broad spectrum of RFs
derived from multiple RNA classes. The vast majority of
these fragments had well-fixed lengths and were repeat-
edly generated from the same regions of their parental
molecules. This observation strongly suggested that spe-
cific cellular mechanisms control the process of RF for-
mation. Consequently, we identified several patterns
according to which particular RNAs were cleaved into
fragments. The fact that a number of RFs accumulated
to levels that were similar to those of the miRNAs sug-
gested that RFs could not be neutral to the cell. We ob-
served HCV infection-induced remodeling of the RF
pool in Huh-7.5 cells. The levels of low copy number
RFs significantly increased in infected cells and the accu-
mulation of high copy number RFs displayed only subtle
changes. Accordingly, one can assume that RFs consti-
tute a considerable component of the cellular landscape
in which HCV infection occurs. Altogether, our data
provide new insight into the widely used HCV infection
model and open a novel perspective for future studies of
host-HCV interactions.

Results
Identification of small RNA accumulating in HCV-infected
and non-infected Huh-7.5 cells
To identify and characterize RFs that form during HCV
infection we used the HCVcc model. We inoculated
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Huh-7.5 cells with HCV JFH-1 and collected samples
from cultures grown for either 72 h or 96 h post inocu-
lation (hpi). Under the conditions we used, at least 80%
of cells were infected at the time of harvest, as shown by
immunofluorescence analysis (Fig. 1). Non-infected con-
trol cells were cultured and collected in parallel. RNA
was isolated from infected (72I, 96I samples) and control
(72C, 96C samples) cells. In order to ensure that RFs
were generated in cells, and not during the process of
sample preparation, stringent criteria of RNA quality
control were applied (see Methods). Integrity and purity
of the RNA samples were assessed after total RNA isola-
tion and after separation of long and short RNA frac-
tions (the representative electropherograms and RNA
integrity numbers (RINs) obtained for the samples sub-
jected to sequencing are shown in Additional file 1: Fig-
ure S1). Further analyses involved only those RNA
samples for which the RINs obtained for both total and
long RNA exceeded 9. In addition, we applied two-
dimensional polyacrylamide gel electrophoresis (2D–
PAGE) to visualize the global profile of short RNAs ac-
cumulation. Previously we showed that this technique
allows to effectively monitor changes that various en-
dogenous and exogenous factors induced in the pools of
short, high-copy number RNAs (15–80 nt in length) in
different types of plant and human cells [6, 15]. We
found that in case of the analyzed Huh-7.5 cells, the pat-
terns of short RNA accumulation were reproducible and
highly similar across samples (Additional file 1: Figure
S2), which again ruled out random RNA degradation
during sample handling. Following quality control, the
isolated RNA was subjected to next generation sequen-
cing (NGS). Our analysis of RFs was focused on mole-
cules shorter than tRNAs. The size-fractionation applied
at the RNA isolation and sequencing library preparation
steps was designed in such a way that the surveyed RNA
fraction should not contain full-length molecules except
for miRNA, siRNA and piRNA. Consequently, other
RNAs detected within this length range were assumed
to be the longer RNAs’ fragments already present in the

starting RNA pool. To identify individual RNA species
(RNA molecules with a unique sequence) that ranged
from 15 to approximately 80 nucleotides, we performed
NGS for 100 sequencing cycles and then subjected the
generated reads to rigorous quality filtering. As a result,
we were able to determine the entire sequences of 15- to
82-nt-long RNAs without the need to assemble them
from shorter reads. In the next step, all identified RNA
species were mapped to miRbase, fRNAdb, the HCV
JFH-1 genome and the human genome (hg19). The re-
sults obtained were manually adjusted, and multiple
mappings were resolved via BLAST searches in several
databases, including the NCBI, tRNAdb [55] and
snoRNA database [56]. The mapping procedure was suc-
cessful for 5130 cellular RNA species (97%). Next, the
levels of their accumulation in each sample were deter-
mined (edgeR).
In accordance with our expectations, in addition to

miRNA and a small number of full-length mature
snoRNA and tRNA, the whole set of the identified mole-
cules included RFs apparently derived from all RNA
classes (Additional file 1: Figure S3A). At this stage, full-
length snoRNA and tRNA were excluded (147 of 5130
identified species), whereas other small RNAs were di-
vided into 8 groups based on their origin. The highest
proportion of RNA species were derived from rRNA
(52% of all RNA species; Additional file 1: Figure S3A).
However, most of these RNAs accumulated to very low
levels. Consequently, the combined amount of all rRNA-
derived species did not exceed 15.5% and 8.3% of the
normalized read count in the control samples (72C and
96C, respectively, Additional file 1: Figure S3B). This ob-
servation clearly indicates that the identified RNAs were
not generated by random decay during the sample prep-
aration. If they had been, the combined amount of the
rRNA-derived fragments would likely be higher. Import-
antly, the levels of rRNA fragment accumulation mark-
edly increased upon viral infection, reaching 23.2% and
38.2% in the 72I and 96I samples, respectively
(Additional file 1: Figure S3B). The most abundant

Fig. 1 HCV infection in cell cultures. Huh-7.5 cells were inoculated with JFH-1 viral stock at an moi of 1 or 0.1 and cultured for 72 h or 96 h,
respectively, when approximately 80% of cells were infected. Non-infected time-matched control cells were cultured in parallel. Cells were visualized
via immunofluorescence analysis with mouse monoclonal anti-HCV core antibodies (red) and counterstaining with DAPI to show the locations
of nuclei (blue)
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group in 72C, 72I and 96C samples was miRNA, which
accounted for approximately 47%–62% of the normal-
ized read count. In the case of the 96I sample, miRNA
was the second most abundant group, after the group of
rRNA fragments. The abundance of species derived from
tRNA and snoRNA reached 8.6%–12.8% and 6.9%–
11.2%, respectively, across samples. The fluctuations in
their accumulation levels were not related to the infec-
tion. RNA species that represented other groups accu-
mulated to lower levels (Additional file 1: Figure S3B).

Length distribution of RNA species
Next, the length distribution of RNA species in all RNA
groups was established (Fig. 2). As expected, the major-
ity of miRNAs were between 20 and 24 nt long. The
group of fragments derived from rRNA included 2590
species that were from 15 to 82 nt long. We found that
the number of species was inversely proportional to their
length; the shortest molecules were the most numerous.
The group of fragments derived from tRNA included

616 species of 15 to 72 nt in length. Their length distri-
bution plot shows a prominent peak at 22 nt and an-
other two at 31–34 nt and 15–19 nt (Fig. 2). The group
of snoRNA-derived fragments included 439 species,
from 15 to 79 nt long. For these fragments, three length
peaks were also observed: a major one at 26–31 nt and
two others at 34 nt and 38–39 nt. The length distribu-
tion pattern for snRNA-derived fragments (80 species)
did not reveal any prominent peaks – the number of
RNA species was similar throughout the length range
(15–51 nt), but most of them were between 27 and
45 nt long. Fragments derived from Y RNA (75 species)
had a narrower length range, from 15 to 46 nt, with two
peaks, one at 23–27 nt and another at 31–34 nt. The
RFs that mapped to protein-coding genes or that were
classified as “other” (234 and 255 molecules, respect-
ively) also showed specific length distributions.
Altogether, our results indicated that there are some

specific rules according to which most RNA classes are
cleaved into stable fragments. Only the results obtained

Fig. 2 Length distribution plots of small RNA species representing miRNA and the identified groups of RNA fragments
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for rRNA fragments were clearly different. We assumed
that these fragments most likely represented non-
specific products of an ongoing digestion process, which
is why this group was excluded from further analyses.
The distinct size distribution pattern observed for rRNA
fragments proves that the specific length peaks detected
for other RF species are not related to any technical
biases introduced at the library preparation or sequen-
cing stage.

Characterization of RNA fragments
To identify the basic rules that govern the process of RF
formation, we determined the positions where the par-
ental molecules were cut and attempted to establish if
the cleavage sites localized to single-stranded or double-
stranded regions of the predicted secondary structures
of the full-length parental RNAs. In addition, we exam-
ined whether RFs comprised elements that would poten-
tially make them competitors of their antecedents. Our
analysis was focused on the fragments derived from the
following well-defined constitutively expressed non-
coding RNA classes: tRNA, snoRNA, snRNA and Y
RNA.
The majority of tRNA fragments (tRFs) retained either

the 5′ or 3′ ends of the mature tRNA (Fig. 3a). They
were largely generated by a cleavage within a single-
stranded region (Fig. 3b). For tRFs with a retained 5′
end, the cleavage sites were most frequently located in

anticodon loop and T loop (Additional file 1: Figure S4,
Fig. 3c). A similar cleavage pattern was observed for tRFs
that retained the original 3’ end. In this case, however,
the majority of cleavage sites were located in the T loop.
Notably, 25% of the identified tRFs lacked both ends of
the parental molecule (Fig. 3a). In addition, for many of
these tRFs, cleavage sites localized to the stems of the
full-length tRNA (Fig. 3b). This tendency was especially
evident for the 5’ cleavage site, which appeared to be lo-
cated within a double-stranded region almost as often as
in a single-stranded one. Accordingly, the principal 5’
cleavage site of these tRFs was the D loop, followed by
the acceptor stem and D stem. 3’ cleavages occurred pre-
dominantly in the anticodon loop, anticodon stem and T
loop (Fig. 3d). Considering the location of cleavage sites,
we divided all tRFs into 19 classes and determined the
percentage of RNA species that belong to each particular
class. As shown in Fig. 4, the individual classes were
named according to the recently proposed general no-
menclature of tRFs, where the number refers to the
retained end of the mature tRNA (5′ or 3′) and the let-
ter indicates the cleavage site [57]. For example, “tRF-
5A” denotes fragments that possess the original 5′ end
and were cut in the anticodon arm. Because this nomen-
clature did not anticipate the formation of molecules cut
from both ends, we expanded it with an additional
symbol Δ (delta) to indicate that not the entire 5′ or 3′
portion of mature tRNA is retained. For example, “tRF-

Fig. 3 Characterization of tRNA fragments. a Proportion of species with a retained 5′ or 3′ end of the parental RNA or those cut from both ends. b
Number of RNA species generated by cleavage within a single-stranded or double-stranded region of the parental RNA. c Distribution of cleavage regions
within particular structural elements of mature full-length tRNA cut from one end. d Distribution of cleavage regions within particular
structural elements of mature full-length tRNA cut from both ends. AA – acceptor arm, D – D arm, A – anticodon arm, T – T arm, V region – variable
region. See Additional file 1: Figure S4 for a schematic representation of the mature tRNA structure
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Δ5D-Δ3A” denotes fragments with a 5′ cleavage site
within the D arm and a 3′ cleavage site within the anti-
codon arm. Among the 19 identified classes of tRFs, 11
included species cut from both ends of mature tRNA,
called tRFΔ (Fig. 4a). The dominant class was tRF-5A,
which comprised over 26% of all tRNA derivatives.
Other fragments with frequencies that exceeded 5% of
all tRFs were tRF-3T, tRF-Δ5D-Δ3A, tRF-3A, tRF-5T
and tRF-Δ5AA-Δ3A (Fig. 4a,b). Notably, tRF-3T had a
highly conservative length of 22 nt and accounted for
the previously observed peak in the tRF length distribu-
tion plot (Fig. 2). Considering the fact that single-
stranded regions are more susceptible to cleavage than
double-stranded ones, we hypothesized that tRFΔs are
generated according to two alternative mechanisms (Fig.
4c). In both mechanisms, a primary cut occurs within an
unpaired region of mature tRNA, predominantly in the
anticodon loop. The first mechanism assumes that the
two resultant fragments of tRNA remain base-paired,

which preserves the overall folding pattern of the mol-
ecule. In such a situation, a secondary cut takes place
within another single-stranded region, primarily in the D
loop. The second mechanism assumes that both parts of
the nicked tRNA dissociate and subsequently undergo
structural rearrangements. Consequently, the originally
helical regions can become single-stranded, which are
more accessible for a secondary cut. This mechanism
well explains the significant increase in cleavage fre-
quency within the initially double-stranded regions ob-
served for tRFΔs.
In contrast to tRFs, most of snoRNA fragments

(snoRFs) (74%) lacked the original 5′ and 3′ ends of
their parental molecules (Fig. 5a). Because of the struc-
tural diversity of snoRNA, we did not analyze the loca-
tion of cleavage sites within secondary structures.
Instead, we examined whether snoRFs contained func-
tionally relevant regions of snoRNA (Additional file 1:
Figure S5). The majority of snoRFs (409) were derived

Fig. 4 Classes of the identified tRNA fragments (tRFs) and proposed mechanism of their biogenesis. a Contribution of particular tRF classes to the
entire pool of tRNA derivatives. b Schematic representation of the tRFs with frequencies that exceeded 5% of all tRNA derivatives. tRFs are
depicted in red (for fragments containing either the 5’ or 3’ end of the parental RNA) or in blue (for fragments cut from both ends), and the lost
fragments of parental RNA are in gray. c Two-step mechanism of tRFΔ biogenesis. Following a primary cut in a single-stranded region, the result-
ant fragments can either remain base-paired or dissociate. If the first occurs, the overall fold of the RNA is retained, and a secondary cut takes
place within a single-stranded region. In the case of dissociation, the fragments undergo structural rearrangement, which can render the original
stems single stranded and thus accessible for a secondary cut. tRFs are depicted in red (for fragments containing either the 5’ or 3’ end of the
parental RNA) or in blue (for fragments cut from both ends), and lost fragments of parental RNA are in gray
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from C/D box snoRNAs. Nearly all of them carried at
least one of the boxes (C, D, and/or D′) and/or a
guide sequence (Fig. 5b). Among the 11 snoRFs ori-
ginating from H/ACA box snoRNA, 1 included an
ACA box and 4 included a guide sequence. Similarly,
9 of 18 snoRFs derived from small Cajal body-specific
RNAs contained a guide sequence, which in some
cases was also accompanied by box C and/or D’. In
general, most snoRFs, cut either from one or both
ends, retained box D (238 individual species). Box C,

box D’ and a guide sequences were present in 203,
140 and 182 snoRFs, respectively.
The majority of snRNA fragments (snRFs) (67%) were

generated by a cleavage from both ends of their parental
molecules (Fig. 6a), whereas 32% of snRFs retained the
original 3’ end, and only 1% had the 5’end of mature
snRNA. In general, the cleavages appeared to occur in
single-stranded and double-stranded regions with com-
parable frequencies. A more detailed analysis confirmed
that this was true for snRFs with the 3′ end retained

Fig. 5 Characterization of snoRNA fragments (snoRFs). a Proportion of species with a retained 5’ or 3’ end of the parental RNA or those cut from
both ends. b Functionally relevant regions of mature snoRNA included in the snoRFs. See Additional file 1: Figure S5 for a simplified
representation of the mature snoRNA structure

Fig. 6 Characterization of snRNA fragments (snRFs). a Proportion of species with a retained 5’ or 3’ end of the parental RNA or those cut from
both ends. b Number of species generated by cleavage within a single-stranded or double-stranded region of the parental RNA. c Distribution of
cleavage regions within particular structural elements of mature full-length snRNA cut from one end. d Distribution of cleavage regions within
particular structural elements of mature full-length snRNA cut from both ends. 5’ SS – 5’ single-stranded region, SL – stem-loop (I through IV),
SLIIb/SLIII – single-stranded region between stem-loop II and stem-loop III, SLIII/SLIV – single-stranded region between stem-loop III and stem-
loop IV. See Additional file 1: Figure S6 for a schematic representation of the mature snRNA structure
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(Fig. 6b). However, in the case of snRFs generated by
cutting both ends of the mature snoRNA, the 5’ cleavage
site was predominantly located within unpaired regions.
In contrast, 3′ cleavage sites were more often localized
to the helices. This observation may indicate that the
biogenesis of this subset of snRFs proceeds according to
the model proposed for tRFΔs and involves primary and
secondary cuts. The primary 5′ cleavage occurs in
single-stranded regions. Next, the resultant RF under-
goes a structural rearrangement that exposes the 3′
cleavage site, originally located within a base-paired re-
gion of a parental full-length snRNA. Most snRFs were
derived from U1 snRNA (47 species), followed by those
from U2 snRNA (18), U4 snRNA (10), U5 snRNA (4),
and U4atac snRNA (1). Stem-loops II and IV (SL II and
SL IV) (Additional file 1: Figure S6) were the most fre-
quent cleavage sites for fragments with a retained 3′ end
(Fig. 6c). The major 5′ and 3′ cleavage sites for snRFs
cut from both ends of the mature snRNA were SL III
and SL IV, respectively (Fig. 6d). Mature snRNAs com-
prise several segments of special functional significance;

for example those involved in hybridization with 5′
splice sites or branch points (Additional file 1: Figure
S6). Our analysis revealed that among such segments,
only those engaged in interactions with Sm proteins
were present in snRFs (in 56 of 80 species).
Approximately one-third of Y RNA fragments (YRFs)

retained the 5’ end of mature Y RNA (Fig. 7a). They
were generated by cleavage within stem 3, loop 3 and
loop 2a (Additional file 1: Figure S7), with no trend for
the cleavage site being located within single-stranded or
double-stranded regions (Fig. 7bc,). 12% of YRFs had the
original 3’ end. All of them were cut in loop 2b, which
indicates a remarkably specific biogenesis. Fragments cut
from both ends of mature Y RNA had a major 5’ cleav-
age site within loop 2b and two main 3′ cleavage sites,
within stem 1 and the U track (Fig. 7d). Whereas 5’
cleavage sites predominantly localized to a single-
stranded region, 3′ cuts occurred with similar frequen-
cies in single-stranded and base-paired regions. Again,
this observation suggests a biogenesis in accord with the
model proposed for tRFΔs. Most YRFs (37 species)

Fig. 7 Characterization of Y RNA fragments (YRFs). a Proportion of species with a retained 5′ or 3′ end of the parental RNA or those cut from
both ends. b Number of species generated by cleavage within a single-stranded or double-stranded region of the parental RNA. c Distribution of
cleavage regions within particular structural elements of mature full-length Y RNA cut from one end. d Distribution of cleavage regions within
particular structural elements of mature full-length Y RNA cut from both ends. See Additional file 1: Figure S7 for a schematic representation of
mature Y RNA structure. e Functionally relevant regions of mature Y RNA included in YRFs
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originated from hY4. In addition, hY1, hY5 and hY3 gave
rise to 18, 11 and 7 RNA species, respectively. Mature Y
RNAs perform their functions via binding with Ro60
and La proteins. In addition, they also have regions es-
sential for DNA replication [58]. The majority of YRFs
(48 species) comprised segments involved in interactions
with Ro60. Regions implicated in DNA replication were
present in 41 YRFs, and 9 species had La binding site
(Fig. 7e).

Identification of RNA cleavage patterns and selection of
representative RFs
To determine the patterns of the cleavage of parental
RNA into fragments, we aligned the sequences of all
identified RNA species to the sequences of their parental
molecules. As a result, we identified three major cleav-
age patterns.
The first pattern, called a single-set single-region pat-

tern, was observed when all RFs were of similar length
and overlapped a single region of parental RNA (Fig.
8a). There were significant differences in the frequencies
of particular RFs in the set – several of them, usually
two, were highly pronounced, whereas the others were
rare. This pattern is similar to the way in which some

miRNAs are cut out from their precursors. As a result,
the phenomenon of end heterogeneity is observed [59].
The second pattern, called a single-set many-regions

pattern, was observed when RFs were excised from more
than one region of parental RNA and constituted separ-
ate sets of RFs, each overlapping another portion of the
full-length molecule (Fig. 8b). Each set had a consider-
ably more frequent master RF, accompanied by a
spectrum of less pronounced RFs.
The third pattern, called a many-sets single-region pat-

tern, was observed when one region of parental RNA
gave rise to at least two sets of RFs of substantially dif-
ferent lengths (Fig. 8c). In some cases (as depicted in
Fig. 8c), shorter fragments were approximately twice as
frequent as the longer ones, which suggests that the lat-
ter may have been cut to yield the former.
A detailed examination of the composition of the sets

revealed that they comprised one or more clusters of
very similar species. For example, the species differed
only by a few nucleotides in length or had single nucleo-
tide substitutions. The latter were detected mainly in the
case of tRFs and could be attributed to the base modifi-
cations of mature tRNA. It is known that RNA modifica-
tions can decrease the fidelity of cDNA synthesis during
the preparation of sequencing libraries [60]. We

Fig. 8 Three major patterns of parental RNA cleavage: single-set single-region (a), single-set many-regions (b), many-sets single-region (c). Se-
quences of RFs are aligned to the sequence of their parental RNA. The frequencies of particular RFs derived from a single full-length RNA are pre-
sented on the right, while the classification to the sets is depicted on the left
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assumed that the highly similar species may additively
constitute a nearly homogeneous population of mole-
cules that may not be distinguishable by the cellular ma-
chinery. Therefore, we decided that for further analysis,
it would be useful to select one species as a representa-
tive of each cluster. This approach should allow for a
transition from a dataset in which the focus is on all
possible RNA species to one in which biological signifi-
cance is the central point. Representative RFs and
miRNA (for clarity denoted in italics – RFs, miRNA)
were selected as described in Methods.

RFs are as abundant as miRNA in Huh-7.5 cells
Next, the abundance of miRNA and RFs in all samples
was established as a value relative to the amount of
liver-specific miR-122 (the mean level of accumulation
of the latter in 72C, 72I, 96C and 96I samples was con-
sidered 100%) (Fig. 9). Six ranges of relative abundance
were designated: over 200%, 100%–200%, 10%–100%,
1%–10%, 0.1%–1% and below 0.1%. All analyzed RNAs
were assigned to appropriate ranges based on their accu-
mulation levels. For approximately 40% of the miRNAs,
their relative abundances were in the range 0.1%–1%,
which meant that they accumulated to levels two or
three orders of magnitude lower than miR-122. For simi-
lar numbers of miRNA, their relative abundances were
in the range 1%–10%. Only approximately 5% of miR-
NAs reached or exceeded the accumulation level of miR-
122 (ranges 100%–200% and above 200%).
More than a half of tRFs was assigned to the range

0.1%–1%. Further, 23%–32% of tRFs displayed relative
abundance of 1%–10%, whereas for 2%–7%, their relative
abundances were in the range 10%–100%. Several tRFs
accumulated to higher levels than miR-122. The relative
abundance of tRFs in cultured cells increased over time
and was higher upon HCV infection. Similar results
were obtained for snoRFs and YRFs. A lower relative
abundance was observed for snRFs. In non-infected cells,
over half of snRFs were assigned to the range below
0.1%, and the other half was split between the 0.1%–1%
and 1%–10% ranges. However, HCV infection triggered
a substantial increase in snRNA fragmentation, which
was most evident at 96 hpi. Taken together, the distribu-
tion of the relative abundance values in the analyzed
classes of RFs greatly resembled the one obtained for
miRNA. This observation indicates that RNA fragments
are as abundant as miRNA in the HCV cell culture
model.
All of the 25 most abundant RFs were assigned to a

relative abundance range of at least 1%–10% across the
samples, and the majority were assigned to the 10%–
100% range (Table 1). Among them, 10 originated from
tRNA and included: 7 tRF-5A, 2 tRF-5T and 1 tRF-Δ5T-
Δ3AA. tRNA-Val and tRNA-Gly were the major parental

molecules of tRF-5A. tRNA-Gly also gave rise to both
tRF-5T, whereas tRNA-Thr yielded tRF-Δ5T-Δ3AA. Fur-
thermore, 7 highly accumulated RFs were derived from
C/D box snoRNA: SNORD30, SNORD44, SNORD58,
HBII-420/SNORD99, SNORD78 and SNORD81. All of
them included at least one of the functionally relevant
segments (i.e., box C, D, D′ or a guide sequence). Y
RNA generated 2 plentiful fragments, both containing

Fig. 9 Relative abundance of representative miRNA and RNA
fragments. The abundance of miRNA and RFs in all samples (72C, 72I,
96C and 96I) was established as a value relative to the amount of
liver-specific miR-122 (miR-122 content was considered as 100%). All
analyzed RNAs were assigned to appropriate relative abundance
ranges based on their accumulation levels
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an Ro60 binding region. We also identified 1 abundant
fragment of HIST2H2AA3 mRNA, 1 tRNAseZL-inter-
acting RNA and 5 fragments classified as derivatives of
putative conserved non-coding RNA. The length of the
highly accumulated RFs spanned a range from 15 to
69 nt. Two of them, derived from Y RNA and putative
conserved non-coding RNA, had sizes similar to those
of mi/siRNA (23 and 24 nt, respectively).

HCV infection increases the accumulation of low copy
number RNA fragments
To investigate whether HCV infection induces changes
in the pool of RFs, we compared RF accumulation levels
in infected and non-infected Huh-7.5 cells. The analysis
revealed that the accumulation of a vast majority of RFs
was not affected. The molecules that did display statisti-
cally significant differential accumulation between in-
fected and control cells were the RFs of low abundance.
Among 827 representative species, 62 and 96 were
found to be differentially accumulated at 72 hpi and 96
hpi, respectively, with 52 in common for both time
points. Table 2 presents the 25 most abundant differen-
tially accumulated RFs. The relative abundances of all of
them were in the ranges 0.1%–1% and 1%–10% in in-
fected cells at 72 hpi and 96 hpi, respectively. The most
prominent differentially accumulated RF originated from
Y RNA. It demonstrated an increased abundance upon
HCV infection at 72 hpi and 96 hpi, but this change
reached statistical significance only at the latter time
point (log2FC ≥ 2, FDR < 0.05). This Y RNA-derived RF,
mentioned above as one of the most abundant fragments
(Table 1), contained an Ro60 binding region and dis-
played miRNA-like length (23 nt). The 25 most plentiful
fragments with differential accumulation (Table 2) also
included RFs derived from tRNA (9), snoRNA (5),
snRNA (5), piRNA (1) and 3 molecules that could not
be unambiguously classified. The predominant tRFs were
tRF-5A, which originated from tRNA-Glu, tRNA-Leu
and tRNA-Tyr. tRNA-Glu and tRNA-Leu were also the
source of tRF-5D, and tRNA-Glu was the source of tRF-
Δ5A-Δ3AA. The remaining 2 most abundant differen-
tially accumulated tRFs were tRF-Δ5D-Δ3A and tRF-
>5T, derived from tRNA-Gln and tRNA-Lys, respect-
ively. The snoRNAs whose fragmentation was signifi-
cantly elevated upon HCV infection included SNORD82,
SNORD26, SNORD45, SNORA7 and small Cajal body-
associated HBII-382. Nearly all of them yielded frag-
ments that contained functionally relevant regions such
as box C, D, and ACA and/or a guide sequence. HCV
infection was also associated with an increased produc-
tion of fragments originating from snRNA, in particular
from U1, which gave rise to 4 snRFs of considerable
abundance, 3 of which contained an Sm binding site.
One U2-derived RF was also among the 25 most

abundant differentially accumulated RFs. The lengths of
all RFs classified in this group ranged between 15 and
55 nt, with 4 representative species (derived from Y
RNA and snoRNA) displaying miRNA-like lengths of 21
to 24 nt.
In the next stage of our analysis, we focused on the

RFs with the highest fold change upon HCV infection.
Their relative abundance in non-infected cells was ex-
tremely low and did not reach 0.1% of the amount of
miR-122. However, HCV infection dramatically raised
their accumulation levels – in some cases the change
was several orders of magnitude. RFs with log2FC ≥ 5, at
least at 96 hpi, are presented in Table 3. Among the 26
such RFs, 10 were generated from U1 snRNA and 1
from U2 snRNA. This indicates that spliceosomal RNAs
are predominant targets of the RNA cleavage that occurs
in cells upon HCV infection. Other RFs were derived
from snoRNA (6), tRNA (2), putative conserved noncod-
ing regions (2) and piRNA (2). In addition, this group in-
cluded derivatives of 3 parental molecules that otherwise
did not yield any other fragments: fibroblast growth
factor-2 (FGF-2) internal ribosome entry site (IRES), sig-
nal recognition particle RNA (7S RNA) and nuclear
RNase P RNA.
Collectively, our analyses reveal that HCV infection

triggers an overall increase in the accumulation of RFs.
The infection, however, mostly impacts the fraction of
low copy number fragments. Therefore, even upon up-
regulation, most of these differentially accumulated
RNAs remained less abundant than the fragments that
were reproducibly generated in high amounts, both in
infected and non-infected cells.

Discussion
RFs are an emerging group of non-coding RNAs with
functional potential. Although they have been increas-
ingly well characterized in a variety of organisms under
both pathological and physiological conditions [5, 15,
27–30, 61], only a few reports have addressed the prob-
lem of the formation and significance of RFs in the con-
text of viral infection [31–35]. In this study, we
characterized the RFs that are generated in the HCVcc
model. To our knowledge, this is the first report regard-
ing RFs in non-infected and HCV-infected Huh-7.5 cells.
In addition, because Huh-7.5 are human hepatoma cells,
our data complement the existing evidence for RF accu-
mulation in cancer [5, 62–64].
Our analyses demonstrated that virtually all classes of

cellular RNA reproducibly generated stable RFs in Huh-
7.5 cells. In accordance with findings from earlier re-
ports [3, 65, 66], our data suggest that the biogenesis of
RFs is not a random process. This opinion is supported
at least by two facts. First of all, we observed that in all
groups of RFs, except rRFs, individual RNA species

Jackowiak et al. BMC Genomics  (2017) 18:502 Page 12 of 21



Ta
b
le

2
Fe
at
ur
es

of
th
e
25

m
os
t
ab
un

da
nt

di
ffe
re
nt
ia
lly

ac
cu
m
ul
at
ed

re
pr
es
en

ta
tiv
e
RN

A
fra
gm

en
ts

Se
qu

en
ce

Le
ng

th
Pa
re
nt
al
RN

A
RN

A
cl
as
s

Fr
ag
m
en

t
ty
pe

lo
g 2
FC

72
hp

ia
lo
g 2
FC

96
hp

ia
Re
la
tiv
e
ab
un

da
nc
e

72
C

72
I

96
C

96
I

C
C
CC

C
C
A
C
U
G
C
U
A
A
A
U
U
U
G
A
C
U
G

23
hy
4
Ro

RN
A

Y
RN

A
Ro

60
bi
nd

in
g
re
gi
on

2.
00

3.
01

4.
03
%

16
.1
1%

5.
51
%

44
.4
3%

U
C
C
CA

C
A
U
G
G
U
C
U
A
G
C
G
G
U
U
A
G
G
A
U
U
C
C
U
G
G
U
U

33
tR
N
A
,T
TC

(G
lu
)

tR
N
A

tR
F-
5A

2.
14

2.
43

2.
10
%

9.
25
%

2.
76
%

14
.9
0%

U
C
C
CU

G
G
U
G
G
U
C
U
A
G

15
tR
N
A
,C

TC
(G
lu
)

tR
N
A

tR
F-
5D

3.
04

1.
41

0.
27
%

2.
25
%

0.
86
%

2.
29
%

U
A
C
G
A
CU

C
U
U
A
G
CG

G
U
G
G
A
U
C
A
C
U
C
G
G
C

28
am

bi
gu
ou
s
m
ap
pi
ng

(in
te
rg
en
ic
/
rR
N
A)

ot
he

r
n/
ab

2.
38

1.
95

0.
20
%

1.
03
%

0.
30
%

1.
16
%

G
C
C
C
G
G
C
U
A
G
C
U
C
A
G
U
C
G
G
U
A
G
A
G
C
A
U
G
G
G
A
C
U

C
U
U
A
A
U
C
CC

A
G
G
G
U
C
G
U
G
G
G
U
U

55
tR
N
A
,C

TT
(L
ys
)

tR
N
A

tR
F-
5T

1.
03

2.
40

0.
48
%

0.
98
%

0.
44
%

2.
34
%

G
U
U
A
A
G
A
U
G
G
C
A
G
A
G
C
C
CG

G
U
A
A
U
C
G
C
A
U
A
A
A
A
C
U
U
A
A
A
A
CU

42
tR
N
A
,T
A
A
(L
eu
)

tR
N
A

tR
F-
5A

0.
93

2.
54

0.
50
%

0.
96
%

0.
54
%

3.
13
%

U
U
G
G
U
C
G
U
G
G
U
U
G
U
A
G
U
C
C
G
U
G
C
G
A
G
A
A

28
tR
N
A
,T
TC

(G
lu
)

tR
N
A

tR
F-
Δ
5A

-Δ
3A

A
1.
36

4.
32

0.
34
%

0.
86
%

0.
26
%

5.
24
%

G
U
U
C
G
C
G
C
U
U
U
C
C
C
C
U
G

17
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
no

fu
nc
tio

na
lr
eg

io
n

0.
61

3.
56

0.
54
%

0.
83
%

0.
21
%

2.
46
%

C
G
G
CC

A
C
U
G
A
U
U
A
U
CG

A
G
G
C
G
A
U
U
C
U
G
A
U
C
U
G

32
sc
aR
N
A
,H

BI
I-3
82
/s
ca
RN

A
2

sc
aR
N
A

no
fu
nc
tio

na
lr
eg

io
n

0.
80

2.
62

0.
46
%

0.
80
%

0.
57
%

3.
52
%

C
C
CC

A
C
U
G
CU

A
A
A
U
U
U
G
A
C
U
G

21
hy
4
Ro

RN
A

Y
RN

A
Ro

60
bi
nd

in
g
re
gi
on

2.
63

3.
70

0.
12
%

0.
72
%

0.
25
%

3.
18
%

A
C
U
CG

A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G

29
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

5.
22

7.
82

0.
02
%

0.
58
%

0.
03
%

7.
43
%

U
A
G
G
A
U
G
G
G
G
U
G
U
G
A
U
A
G
G
U
G
G
CA

C
G
G
A
G
A
A

31
am

bi
gu
ou
s
m
ap
pi
ng

(in
te
rg
en
ic
/
tR
N
A)

ot
he

r
n/
a

1.
38

3.
55

0.
21
%

0.
54
%

0.
17
%

2.
05
%

C
A
CA

A
A
U
G
A
U
G
A
A
U
A
A
C
A
A
A
G
G
G
A
CU

26
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

82
/U
82

sn
oR

N
A

bo
x
C

2.
40

3.
49

0.
10
%

0.
53
%

0.
15
%

1.
72
%

U
C
C
CU

G
G
U
G
G
U
C
U
A
G
U
G
G
U
U
A
G
G
A
U
U
CG

G
C
G
C
U
C
U
C
A
C
C

39
tR
N
A
,T
TC

(G
lu
)

tR
N
A

tR
F-
5A

1.
62

2.
60

0.
17
%

0.
51
%

0.
22
%

1.
35
%

G
G
U
U
A
G
CA

C
U
C
U
G
G
A
C
U
C

18
tR
N
A
,C
TG

(G
ln
)

tR
N
A

tR
F-
Δ
5D

-Δ
3A

3.
02

2.
46

0.
06
%

0.
49
%

0.
11
%

0.
63
%

U
C
G
U
A
CG

A
C
U
C
U
U
A
G
C
G
G
U
G
G
A
U
CA

C
U
CG

G
C

31
am

bi
gu
ou
s
m
ap
pi
ng

(in
te
rg
en
ic
/
rR
N
A)

ot
he

r
n/
a

1.
98

2.
37

0.
12
%

0.
46
%

0.
14
%

0.
74
%

A
A
A
CU

C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A
C
U

35
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

5.
70

9.
02

0.
01
%

0.
40
%

0.
01
%

5.
00
%

G
U
U
A
A
G
A
U
G
G
C
A
G
A
G
C
C
C

18
tR
N
A
,T
A
A
(L
eu
)

tR
N
A

tR
F-
5D

2.
07

2.
31

0.
09
%

0.
38
%

0.
22
%

1.
07
%

G
G
U
A
A
A
A
U
G
G
C
U
G
A
G
U
G
A
A
G
C
A
U
U
G
G
A
CU

29
tR
N
A
,G

TA
(T
yr
)

tR
N
A

tR
F-
5A

1.
33

2.
65

0.
14
%

0.
36
%

0.
17
%

1.
05
%

A
C
U
U
U
A
G
C
U
CU

A
G
A
A
U
U
A
C
U
CU

G
A
G
A
C
C
U

29
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

45
/U
45

sn
oR

N
A

bo
x
D
,g

ui
de

se
qu

en
ce

2
2.
00

5.
05

0.
09
%

0.
35
%

0.
06
%

2.
14
%

C
U
A
CG

G
G
G
A
U
G
A
U
U
U
U
A
CG

A
A
C

22
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

26
/U
26

sn
oR

N
A

bo
x
C

3.
05

2.
40

0.
04
%

0.
35
%

0.
11
%

0.
58
%

U
C
A
CC

C
G
G
C
C
C
G
G
A
C
A
C
G

18
pi
RN

A
ot
he

r
n/
a

5.
07

8.
18

0.
01
%

0.
34
%

0.
01
%

4.
13
%

A
A
U
G
U
G
G
G
A
A
A
C
U
C
G
A
CU

G
CA

U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A
C
U

43
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

8.
36

9.
93

0.
00
%

0.
34
%

0.
00
%

3.
09
%

A
U
U
G
G
A
A
G
A
C
A
C
U
C
U
G
CG

A
C
A
G
U
G

24
H
/A
C
A
bo

x
sn
oR

N
A
,A

C
A
7/
SN

O
RA

7/
SN

O
RA

7A
sn
oR

N
A

bo
x
A
C
A
,g

ui
de

se
qu

en
ce

4
0.
97

3.
22

0.
17
%

0.
33
%

0.
18
%

1.
64
%

C
A
CG

C
A
U
C
G
A
C
C
U
G
G
U
A
U
U
G
C
A
G
U
A
C
C
U
C
C
A
G
G
A
A
C
G
G

38
U
2
sp
lic
eo

so
m
al
RN

A
sn
RN

A
no

fu
nc
tio

na
lr
eg

io
n

2.
62

5.
47

0.
05
%

0.
31
%

0.
04
%

1.
78
%

a d
iff
er
en

tia
lly

ac
cu
m
ul
at
ed

(lo
g 2
FC

≥
2
or

≤
−
2
an

d
FD

R
<
0.
05

;r
el
at
iv
e
ab

un
da

nc
e
so
rt
ed

by
72

I)
ar
e
m
ar
ke
d
w
ith

bo
ld
ty
pe

b
no

t
ap

pl
ic
ab

le

Jackowiak et al. BMC Genomics  (2017) 18:502 Page 13 of 21



Ta
b
le

3
Fe
at
ur
es

of
th
e
26

re
pr
es
en

ta
tiv
e
RN

A
fra
gm

en
ts
w
ith

lo
g 2
FC

>
5a

Se
qu

en
ce

Le
ng

th
Pa
re
nt
al
RN

A
RN

A
cl
as
s

Fr
ag
m
en

t
ty
pe

lo
g 2
FC

72
hp

ib
lo
g 2
FC

96
hp

ib
Re
la
tiv
e
ab
un

da
nc
e

72
C

72
I

96
C

96
I

A
A
A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A
C
U
G

36
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

5.
14

11
.5
9

0.
00
%

0.
01
%

0.
00
%

0.
26
%

A
U
G
U
G
G
G
A
A
A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A

40
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

7.
27

11
.3
3

0.
00
%

0.
01
%

0.
00
%

0.
21
%

A
A
U
G
U
G
G
G
A
A
A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A
C
U

43
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

8.
36

9.
93

0.
00
%

0.
34
%

0.
00
%

3.
09
%

A
C
C
C
C
A
C
G
U
C
U
C
G
U
C
G
C
G

18
FG

F-
2
in
te
rn
al
rib

os
om

e
en

tr
y
si
te

(IR
ES
)

ot
he

r
n/
ac

6.
54

9.
45

0.
00
%

0.
04
%

0.
00
%

0.
26
%

G
G
U
C
C
G
C
C
G
G
C
C
C
U
G

15
Pu

ta
tiv
e
co
ns
er
ve
d
no

n-
co
di
ng

re
gi
on

(E
vo
Fo
ld
)

ot
he

r
n/
a

6.
90

9.
35

0.
00
%

0.
05
%

0.
00
%

0.
27
%

A
A
A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A
C
U

35
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

5.
70

9.
02

0.
01
%

0.
40
%

0.
01
%

5.
00
%

A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G
G
A
C
U
G

34
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

5.
67

9.
00

0.
00
%

0.
19
%

0.
01
%

2.
55
%

A
U
G
U
G
G
G
A
A
A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G

38
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

6.
71

8.
92

0.
00
%

0.
25
%

0.
01
%

2.
89
%

C
U
G
G
C
A
G
G
G
G
A
G
A
U
A
C
C
A
U
G
A
U
C
A
C
G
A
A
G
G
U
G
G
U
U
U
U
C
C
C
A
G
G
G
C

45
U
1s
pl
ic
eo

so
m
al
RN

A
sn
RN

A
no

fu
nc
tio

na
lr
eg

io
n

6.
49

8.
45

0.
00
%

0.
07
%

0.
00
%

0.
93
%

G
A
G
U
U
C
U
G
G
G
C
U
G
U
A
G
U
G
C
G
C
U

22
7S

RN
A

ot
he

r
n/
a

4.
67

8.
33

0.
00
%

0.
06
%

0.
00
%

0.
29
%

U
G
G
G
C
A
G
G
A
G
A
U
G
C
C
G
U
G
G
A
C
C
C
C

24
N
uc
le
ar

RN
as
e
P

ot
he

r
n/
a

5.
22

8.
18

0.
00
%

0.
03
%

0.
00
%

0.
29
%

U
C
A
C
C
C
G
G
C
C
C
G
G
A
C
A
C
G

18
pi
RN

A
ot
he

r
n/
a

5.
07

8.
18

0.
01
%

0.
34
%

0.
01
%

4.
13
%

G
G
G
A
C
U
G
A
C
C
U
G
A
A
A
U
G
A
A
G
A
G
A
A
U
A
C
U

28
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

2/
sn
R3
9B

sn
oR

N
A

bo
x
D
’

4.
20

7.
88

0.
00
%

0.
02
%

0.
00
%

0.
30
%

A
C
U
C
G
A
C
U
G
C
A
U
A
A
U
U
U
G
U
G
G
U
A
G
U
G
G
G
G

29
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
Sm

bi
nd

in
g

5.
22

7.
82

0.
02
%

0.
58
%

0.
03
%

7.
43
%

A
U
U
G
C
A
C
U
C
C
G
G
A
U
G
U
G
C
U
G
A
C
C
C
C
U

26
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
no

fu
nc
tio

na
lr
eg

io
n

4.
88

6.
87

0.
00
%

0.
06
%

0.
00
%

0.
46
%

A
U
U
G
C
A
C
U
C
C
G
G
A
U
G
U
G
C
U
G
A
C
C
C
C
U
G
C
G
A
U
U
U
C
C
C
C
A
A
A
U
G
U
G
G

45
U
1
sp
lic
eo

so
m
al
RN

A
sn
RN

A
no

fu
nc
tio

na
lr
eg

io
n

4.
21

6.
49

0.
00
%

0.
04
%

0.
00
%

0.
26
%

U
C
A
C
C
C
G
G
C
C
C
G
G
A
C

15
pi
RN

A
ot
he

r
n/
a

5.
02

6.
31

0.
01
%

0.
25
%

0.
02
%

1.
76
%

A
C
C
C
A
G
G
C
G
G
C
C
C
G
G
G
U
U
C
G
A
C
U
C
C
C
G
G
U
G
U
G

32
tR
N
A
,T
TC

(G
lu
)

tR
N
A

tR
F-
Δ
5A

-Δ
3A

A
5.
62

6.
14

0.
00
%

0.
04
%

0.
00
%

0.
30
%

G
C
G
C
G
C
C
G
G
C
C
G
G
G
C
G

16
Pu

ta
tiv
e
co
ns
er
ve
d
no

n-
co
di
ng

re
gi
on

(E
vo
Fo
ld
)

ot
he

r
n/
a

4.
26

5.
69

0.
01
%

0.
26
%

0.
04
%

1.
89
%

U
U
U
U
A
C
G
G
A
U
C
U
G
G
C
U
U
C
U
G
A
G
A

23
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

50
/U
50
A

sn
oR

N
A

bo
x
D
,g

ui
de

se
qu

en
ce

1.
36

5.
65

0.
03
%

0.
07
%

0.
01
%

0.
57
%

C
A
C
G
C
A
U
C
G
A
C
C
U
G
G
U
A
U
U
G
C
A
G
U
A
C
C
U
C
C
A
G
G
A
A
C
G
G

38
U
2
sp
lic
eo

so
m
al
RN

A
sn
RN

A
no

fu
nc
tio

na
lr
eg

io
n

2.
62

5.
47

0.
05
%

0.
31
%

0.
04
%

1.
78
%

U
A
G
C
U
C
U
A
G
A
A
U
U
A
C
U
C
U
G
A
G
A
C
C
U

25
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

45
/U
45

sn
oR

N
A

bo
x
D

0.
90

5.
30

0.
03
%

0.
05
%

0.
01
%

0.
31
%

A
U
A
C
A
U
G
A
U
G
A
U
C
U
C
A
A
U
C
C
A
A
C
U
U
G
A
A
C
U
C
U

32
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

81
/U
81
/Z
23

sn
oR

N
A

bo
x
C

2.
82

5.
13

0.
01
%

0.
06
%

0.
01
%

0.
34
%

A
A
U
C
U
G
U
A
G
U
C
U
U
G
G
A
G
C
C
G
C
A
C
A
G
G
G
U
U
G
G
U
G
G
U
A
C
C
C
U
C
G

42
sc
aR
N
A
,s
ca
RN

A
13
/U
93

sn
oR

N
A

no
fu
nc
tio

na
lr
eg

io
n

1.
72

5.
11

0.
03
%

0.
11
%

0.
02
%

0.
85
%

A
C
U
U
U
A
G
C
U
C
U
A
G
A
A
U
U
A
C
U
C
U
G
A
G
A
C
C
U

29
C
/D

bo
x
sn
oR

N
A
,S
N
O
RD

45
/U
45

sn
oR

N
A

bo
x
D
,g

ui
de

se
qu

en
ce

2.
00

5.
05

0.
09
%

0.
35
%

0.
06
%

2.
14
%

A
G
A
A
A
U
A
U
G
U
C
U
G
A
U
A
A
A
A
G
A
U
U
U
A
C
U
U
U
G
A
U
A
G
A
G
U
A
A
A
U
A
A
U
A
G
G
A
G
C
U

51
tR
N
A
,G

A
T
(Il
e)

tR
N
A

tR
F-
5T

1.
47

5.
00

0.
02
%

0.
07
%

0.
01
%

0.
33
%

a a
t
le
as
t
at

96
hp

i(
FD

R
<
0.
05

;s
or
te
d
by

lo
g 2
FC

at
96

hp
i)

b
di
ff
er
en

tia
lly

ac
cu
m
ul
at
ed

ar
e
m
ar
ke
d
w
ith

bo
ld
ty
pe

c n
ot

ap
pl
ic
ab

le

Jackowiak et al. BMC Genomics  (2017) 18:502 Page 14 of 21



clustered around two or more length ranges. Such a
length distribution obviously distinguishes RFs from
other well-known small RNAs, such as miRNA, siRNA
and piRNA, which have been shown to cluster around a
single length range. In contrast to other RF groups, rRFs
– and consequently the process of rRNA fragmentation
– did not display any features of specificity. The length
distribution of rRNAs suggests that they are the prod-
ucts of processive digestion by cellular exonucleases.
This cleavage pattern could be attributed to stress condi-
tions in hepatoma cells. Interestingly, the additional
stress induced by HCV infection further increased rRNA
fragmentation. Analogous increases in rRF accumulation
have been previously reported in response to RSV [31]
and ASGV infections [34].
Our analyses also revealed that some regions of paren-

tal RNAs preferentially give rise to RFs. Among the tRFs,
those with retained 5′ ends, especially tRF-5A, were the
most numerous in the HCVcc model. However, another
class of tRNA-derivatives, termed tRFΔ, was likewise
considerable. Thus far, only a few reports have described
internal tRFs [10, 63, 67, 68], and only one of them
depicted this class as rich and potentially significant
[67]. Our results strongly support this previous observa-
tion because as much as 25% of all tRFs lacked both
ends of the mature tRNA. Notably, we found that in the
case of tRFΔ, cleavage sites frequently localized to the
originally double-stranded regions. This is a novel find-
ing because loops were previously indicated as the pri-
mary starting positions of internal tRFs [67]. Based on
the distribution of cleavage sites and the assumption that
single-stranded regions are more prone to cleavage, we
propose two scenarios of tRFΔ biogenesis. The first step,
the primary cleavage of tRNA within a single-stranded
region, is common for both scenarios, and the next step/
s associated with the secondary cleavage is/are different.
According to the first scenario, after the primary cleav-
age, the tRNA fragments remain base-paired and the
overall fold of the molecule is retained. The secondary
cleavage occurs in a non-base-paired region; thus, both
ends of the generated species originate within single-
stranded regions of the full-length tRNA. According to
the second scenario, after the primary cleavage, the
tRNA fragments disassociate and undergo structural re-
arrangements that lead to the stem unfolding. The sec-
ondary cleavage also occurs within a single-stranded
region of the resultant tRF. Consequently, one end of
the generated tRFΔ is located in the single-stranded and
the other in the single- or double-stranded regions of
the original tRNA (single-stranded region present in the
rearranged molecule can form single- or double-
stranded structure in the original molecule before re-
arrangement). We believe that structural rearrangements
are more plausible than the involvement of double-

stranded RNA (dsRNA)-specific ribonucleases in the
secondary cleavage. If a dsRNA-specific ribonuclease
participated in the digestion of the tRNA stems, such
cleavages would be more frequently observed in cases of
species with one of the ends retained.
In view of the fact that the vast majority of tRNAs are

complexed with proteins [69, 70], it has remained un-
clear when these molecules are cleaved and whether the
two portions of the nicked tRNA dissociate [71]. Previ-
ously, it has been shown that the extent of cleavage is
higher upon active translation. During this process,
tRNAs are highly likely to exist in an unbound form be-
cause they are frequently relocated from a complex with
EF1A to a complex with aminoacyl-tRNA synthetase.
This observation suggests that free tRNA can be the pre-
ferred cleavage substrate [70]. In turn, our data provide
an indication that the dissociation of tRNA fragments
does occur, at least in a fraction of the nicked tRNAs.
Another factor influencing the biogenesis of tRFs might
be differences in the affinity for protein binding ob-
served for full-length and truncated tRNAs. For ex-
ample, full-length tRNA, but not tRFs, have been shown
to bind with the translation factors eIF2α and EF1A [70],
whereas tRFs, but not tRNA, preferentially bind with
cytochrome c upon stress [69]. Clearly, interactions with
proteins can affect the secondary and tertiary structure
of RNA and, consequently, can decide which regions are
exposed and which are protected from cleavage. Inter-
estingly, our results suggest that a fraction of snRFs
(cleaved from both ends of the parental molecules) and
YRFs can also be formed via a mechanism that involves
a structural rearrangement step. Because these groups of
fragments were less numerous in the present study, fu-
ture studies are required to validate the relevance of this
observation.
We also found that a number of snoRNA-, snRNA-

and Y RNA-derived RFs included regions relevant for
the function of their parental molecules. Most snoRFs
carried the conserved boxes (D, C and/or D′), which is
consistent with previously published data [66, 72]. The
conserved boxes are essential for the interactions be-
tween snoRNA and their protein partners and thus for
the formation of functional snoRNP complexes capable
of modifying the target RNAs. In the case of snRFs, 70%
of the fragments contained motifs engaged in interac-
tions with spliceosomal Sm proteins, whereas none of
them had any of the more exposed segments involved in
binding with pre-mRNA. Most fragments derived from
Y RNA included one strand of the Ro60 binding region
and/or one strand of the segment essential for DNA rep-
lication. Both of these regions recruit protein partners,
Ro60 and DNA replication initiation proteins, respect-
ively [58]. The presence of the conserved protein-
binding motifs in the identified RFs suggests that
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proteins interacting with their parental molecules are
important factors that affect the formation and mainten-
ance of snoRNA-, snRNA- and Y RNA-derived RFs. All
of these proteins can function as shields that protect
RNA or their fragments from nucleases. At the same
time, this indicates that RFs can interfere with the func-
tioning of their parental molecules by sequestering their
protein partners.
In contrast to earlier reports [66, 72], we identified a

considerable proportion of snoRFs that included the en-
tire guide sequence (approximately 41%). Guide se-
quence hybridizes to the target rRNA to ensure its site-
specific modification [73]. Generation of such fragments
would possibly involve cleavages within the protein-
shielded regions. These cleavage sites should be surveyed
in detail in the context of the formation of particular
snoRNP, which is a multistep process involving RNA
structural rearrangements and the sequential recruit-
ment of proteins [74]. The outcomes of such analysis are
likely to indicate the points at which cleavages are feas-
ible and thus provide insight into the biogenesis of
snoRFs.
The results presented here suggest that RNA structure

and the RNA-protein interactome are the major factors
shaping RF structure and composition. Interestingly,
small non-coding RNAs detected in chloroplasts have
been proposed to be footprints of pentatricopeptide re-
peat proteins [75]. In addition, protection by tRNA-
binding proteins has been demonstrated to counteract
the degradation of hypomodified tRNA in yeast when
polymerase III transcription is repressed [76]. Further
studies are required to unravel the extent to which
protein-mediated nuclease protection takes part in the
generation of particular RF groups. However, one can
speculate that the biogenesis of RFs involves multiple
mechanisms, from directed cleavage by specific nucle-
ases (some of which have already been identified [1]) to
protection by RNA-binding proteins. The engagement of
multiple mechanisms in the RF production is supported
by several lines of evidence. Firstly, unlike miRNA,
siRNA and piRNA, RFs show two or more peaks in their
length distribution plots. Secondly, we identified three
major patterns of parental RNA cleavage into RFs. Based
on our observations, one can conclude that in the ex-
ploration of RF biogenesis the survey of RNA-binding
proteins appears equally important as the search for spe-
cific nucleases.
Recently Selitsky and coworkers have characterized

the tRF abundance in the human liver [35]. To this end,
they measured the total amount of all tRFs and com-
pared it to the cumulative level of all miRNAs. As a re-
sult, tRFs were found to be abundant in non-malignant
liver tissue and to be increased in cases of chronic viral
hepatitis (B or C) to levels that surpass that of miRNAs.

In hepatocellular carcinoma (HCC) tissues of HBV- or
HCV-infected patients, the accumulation of tRFs was
shown to be reduced [35]. We did not observe a global
predominance of tRFs over miRNA. However, we calcu-
lated the relative abundances of representative tRF spe-
cies instead of only comparing the proportions of reads
that map to particular RNA classes. In this way we were
able to observe that most miRNAs accumulate to levels
several orders of magnitude lower than that of miR-122.
Similar patterns of relative accumulation were revealed
for tRFs, snoRFs, YRFs and, to some extent, for snRFs as
well. Based on the estimation that miR-122 is present at
approximately 15,000 copies per cultured hepatoma cell
[77] and that as little as 4 copies per cell are enough for
a regulatory RNA to exert its effect [78], one can expect
the identified RFs to have functional impacts. Import-
antly, we discovered that not only tRFs but also the de-
rivatives of other RNAs accumulated to levels
comparable with the abundance of individual miRNAs.
Selitsky and coworkers showed that derivatives of tRNA-
Val and tRNA-Gly were the 2 most abundant tRFs in
livers of patients with chronic hepatitis C (CHC). Their
levels were increased upon infection compared to non-
infected livers (i.e., they exceeded the amount of miR-
122) but became reduced again in cancerous tissues
[35]. We identified these tRFs as being among the most
abundant in Huh-7.5 cells; however, their levels were not
higher than that of miR-122 and were not elevated upon
HCV infection. These discrepancies can be attributed to
the fact that Huh-7.5 cells are hepatoma cells and thus
display the characteristics of cancerous tissue. In
addition, it is plausible that the RF levels differ between
the beginning of the infection (observed in the HCVcc
model) and a prolonged exposure to HCV during CHC.
Nevertheless, the existence of the same tRFs in Huh-7.5
cells and in liver tissues of CHC patients supports the
physiological relevance of the HCVcc model for studies
of non-coding RNA. This model could be applied to in-
vestigate the potential impact of tRNA-Val and tRNA-
Gly fragments on the course of HCV infection.
Interestingly, among the 25 most abundant RFs, we

identified an 18-mer derived from a short RNA previ-
ously found to interact with tRNAseZL [20]. Although
the function of this particular short RNA was not exam-
ined, the same report revealed that tRNAseZL used other
fragments of tRNA and rRNA as guide molecules to tar-
get mRNA of, respectively, PPM1F (protein phosphatase
Mg2+/Mn2+ dependent 1F) and DYNC1H1 (dynein cyto-
plasmic 1 heavy chain 1). Furthermore, tRNAseZL was
demonstrated to be ubiquitous in diverse cell types, in-
cluding HepG2 hepatoma cells, and to be involved in
the regulation of apoptosis [20]. In this context, the
abundant 18-mer identified in Huh-7.5 cells represents
an interesting candidate for future studies of its
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functional relevance. The most abundant RFs identified
in Huh-7.5 cells included also several derivatives of
snoRNA. The fragments originating from SNORD44 and
SNORD78 overlapped with the species recently shown
to be up-regulated in malignant prostate tissue (they
were identical or differed by several terminal nucleo-
tides). Interestingly, a derivative of SNORD78 highly
similar to the one identified in Huh-7.5 cells has been
proposed as a novel prognostic biomarker of metastatic
disease in prostate cancer [79]. The last of the 25 most
abundant RFs in Huh-7.5 cells, which was also signifi-
cantly up-regulated upon HCV infection at 96 hpi, was a
derivative of hY4. A small RNA of the same sequence
(termed ASR2) was discovered in cells infected with
Eppstein-Barr virus (EBV), where it was up-regulated
during the lytic phase of the viral replication cycle [80].
Furthermore, ASR2 was shown to specifically bind with
Ago1 (and not other Ago types) thereby being stabilized
at a relatively high level (depletion of Ago1 resulted in a
marked decrease in ASR2 content). In addition, this
small RNA mediated the silencing of its target mRNA by
binding within the mRNA’s 3′ UTR [80]. Our results en-
courage functional studies of the hy4 derivative in the
context of HCV infection.
Our analyses revealed that HCV infection in a cell cul-

ture model generally did not impact the highly abundant
RFs but instead elevated the accumulation of the low
copy number fragments. It remains to be established to
what extent this minor influence of HCV on the global
RF pool is conditioned by the background of Huh-7.5
cells, which are already rich in RFs before the onset of
an infection. Although increased amounts of RFs have
been generally associated with cancer [5, 62, 64, 81], the
levels of their accumulation have been shown to be cell-
specific [6, 66]. In addition, viral infections have been
demonstrated to trigger the increased production of RFs
[31, 34]; however, this is not a general rule [33].
In the group of differentially accumulated RFs, we

identified several candidates that reached considerable
levels and whose role in HCV infection is worth experi-
mental evaluation (Table 2). We observed a dramatic in-
crease in the cleavage of snRNA (primarily U1) in
infected cells, which resulted in the accumulation of
some snRFs reaching up to about 7% of the amount of
miR-122 (Table 3). The data regarding snRNA fragmen-
tation are limited, and it currently remains unknown
whether the observed cleavage and its products might be
functionally relevant. Interestingly, circulating U2
snRNA fragments have been described as diagnostic bio-
markers in several types of cancer [82–86].

Conclusions
Here, we provide for the first time an overall picture of
the RF accumulation in the HCVcc model. We found

that virtually all RNA classes are sources of RFs, and we
explored the cleavage patterns across several constitutive
non-coding RNA classes, which provides novel insight
into RF biogenesis and its potential significance. Al-
though HCV infection did not induce profound quanti-
tative or qualitative changes in the profile of RF
accumulation, our data indicate that this rich and diver-
sified population of small RNAs should be considered as
a significant component of the infection environment.
Accordingly, we identified a number of candidate RFs
that potentially can be implicated in the course of HCV
infection and, consequently, deserve further experimen-
tal study. We believe that our results will make a valu-
able contribution to the previous characterization of the
transcriptomic, miRNomic, proteomic and metabolomic
landscapes of the HCVcc model [51–53].

Methods
Cell culture and viral infection
The plasmid encoding the genome of the JFH-1 HCV
strain (genotype 2a) was kindly provided by T. Wakita
and was used to generate high-titer stocks of cell
culture-produced virus (HCVcc) according to a previ-
ously published procedure [87]. The human hepatoma
cells (Huh-7.5), kindly provided by C. Rice, were cul-
tured as previously described [88] and inoculated with a
viral stock of 46,400 TCID50/ml, at a multiplicity of in-
fection (moi) of 1 or 0.1, for 2 h at 37 °C. Subsequently
cells were washed and cultured for 72 h (for a moi of 1)
or 96 h (for a moi of 0.1) when approximately 80% of
cells were infected. Percentages of infected cells were es-
timated via the detection of HCV core proteins using a
previously described immunofluorescence assay [89].
The infected cells were fixed with 4% paraformaldehyde
(PFA), permeabilized with 0.5% Triton X-100 and
blocked with a buffer containing 1% gelatin and 0.1%
Tween 20 in PBS. Each step was followed by a wash with
PBS. Next, cells were incubated for 2 h with mouse
monoclonal anti-HCV core antibodies (ACAP27, Bio-
Rad), washed with 0.1% Tween 20 in PBS and incubated
for 1 h with Alexa Fluor 568-labeled goat anti-mouse
IgG H + L (Invitrogen). Finally, cells were washed,
stained with 4′,6-diamidino-2-phenylindole (DAPI) in
Vectashield medium (Vector Laboratories) and exam-
ined under a Zeiss Widefield ApoTome AxioCam up-
right microscope. The percentage of infected cells
(expressed as the average number of infected cells per
100 cells) was determined in multiple random fields of
view. All experiments were performed in duplicate.

RNA isolation and quality control
RNA was isolated from infected and control Huh-7.5
cells using a mirVana miRNA Isolation Kit (Ambion) ac-
cording to manufacturer’s instructions. For each of the
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two biological replicates, the four following RNA sam-
ples were obtained: from infected cells collected at 72 h
post inoculation (hpi) (72I), from infected cells collected
at 96 hpi (96I) and from the corresponding controls
(72C and 96C, respectively). A two-step isolation
method was used, where the first step was the extraction
of total RNA, and the second the fractionation of the
total RNA into short (< 200 nt) and long (> 200 nt)
RNA. Next, the integrity and purity of the RNA samples
were assessed using a NanoDrop 2000 spectrophotom-
eter (Thermo Scientific) and Bioanalyzer 2100 (Agilent)
according to the manufacturers’ instructions. The sam-
ples were analyzed with a RNA 6000 Nano Assay. The
representative electropherograms obtained for the se-
quenced samples (for total, long and short RNA pools)
are shown in Additional file 1: Figure S1. In addition,
the RNA integrity number (RIN) was determined for the
total and long RNA pools. We collected short RNA frac-
tions for further study only from those samples for
which the RINs obtained for both total and long RNA
exceeded nine.

Library construction and sequencing
Each short RNA sample from one biological replicate
(72I, 72C, 96I and 96C) was used to obtain the NGS li-
brary. For this purpose, the TruSeq Small RNA kit (Illu-
mina) was used according to the manufacturer’s
instructions. Briefly, 0.5 μg of the short RNA fraction
was subjected to indexed adapter ligation and reverse
transcription, followed by library amplification (11 cy-
cles). The amplified cDNA was quantified on a Nano-
Drop 2000 spectrophotometer (Thermo Scientific), and
the product length was analyzed with a Bioanalyzer 2100
and a High Sensitivity DNA Assay (Agilent). The four
samples had similar DNA concentrations (222–264 ng/
μl) and DNA peak profiles. To ensure uniform size frac-
tionation, the indexed libraries were combined and size-
separated in 6% denaturing polyacrylamide gel (Novex).
The fraction located between the tRNA band and
adapter dimer band was collected and recovered from
the gel. The effectiveness of the size selection procedure
was confirmed via a High Sensitivity DNA Assay (Agi-
lent). The entire procedure was then repeated for the
second set of 72I, 72C 96I, and 96C short RNA samples.
Each of the gel-eluted mixtures of the four libraries
(without DNA precipitation) was sequenced independ-
ently on an Illumina Genetic Analyzer IIx for 100 cycles.

NGS data analysis
The raw sequencing reads were assigned to the appro-
priate libraries (i.e., 72I, 72C, 96I and 96C) based on
their indexes and checked for quality with Prinseq [90],
and the adapter sequences were removed with TagClea-
ner [91]. The adapter removal step is very important, as

we analyzed further only the reads that carried at least
the whole adapter sequence. The detection of the
adapter proved that a particular read indeed represented
an authentic sequence of the entire small RNA and not
a partial sequence of a longer RNA molecule. Next, to
ensure that the analyzed reads were of high quality, we
removed those with at least one nucleotide that had a
Phred quality score below 30. Then, reads were filtered
to discard sequences shorter than 15 nt. In the next step,
only RNA species represented by more than 15 reads
per million in at least two corresponding samples (bio-
logical replicates) were selected. Those that did not meet
this criterion were excluded from further analysis to
omit negligible molecules. Finally, the individual RNA
species were sequentially mapped with Bowtie [92] to
miRbase [93], fRNAdb [94], the HCV JFH-1 genome
[95] and the human genome (hg19) [96], allowing mul-
tiple mapping. This mapping was performed in an itera-
tive manner. In the first round, no mismatches were
allowed. All reads that mapped with 0 mismatches to ei-
ther miRbase, fRNAdb, HCV JFH-1 or hg19 were anno-
tated, and the rest was subjected to further rounds of
mapping with an increasing number of mismatches
allowed (1, 2 and 3). Read counts were normalized based
on the library size using the edgeR Bioconductor pack-
age [97].

Differential accumulation analysis
A differential accumulation analysis was performed for
representative RNA species, which were selected accord-
ing to the following procedure. The sequences of all RFs
derived from the same parental full-length RNA were
aligned and compared. Next, in each of the obtained
alignments, the RF with the highest mean abundance
across all samples (normalized read count) was selected
to initiate a cluster. Subsequently, all RFs that mapped
within the same region of parental RNA and differed in
length from the first one by +/− 10% were added to the
cluster. If not all RFs were clustered, the next RF with
the highest mean abundance among the remaining RNA
species was selected to initiate the second cluster, to
which suitable RFs were subsequently added. The pro-
cedure was repeated until no RFs remained ungrouped.
To ensure appropriate clustering, the initial segregation
results were checked. It was revealed that some RFs, be-
cause of their alignment position and length, could fit
into more than one cluster. In such cases, for each of
the considered clusters to which a particular RF could
fit, the mean length of the remaining cluster members
was calculated. The RF was assigned to the cluster for
which the difference between mean length and RF length
was the smallest. Finally, the representative RF for each
cluster was determined. For this, we first added the
mean abundances of all cluster members to obtain a
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total value for a cluster. Then, we calculated the summa-
rized mean abundance for each nucleotide covered by
cluster members in the parental RNA sequence. The
representative RF was the one with a summarized mean
abundance for each nucleotide that was not less than
40% of the total value for the cluster. In this way, we en-
sured that clusters were represented by the most dis-
tinctive RFs. The clustering operation reduced the initial
library of RNA species. Consequently, from this stage
on, the initially obtained normalized read counts could
not be further considered. Therefore, the abundance of
each representative RF was calculated again by adding
its raw read count to the raw read counts of other RFs
belonging to the same cluster. These values were then
normalized by the reduced library size. Sequences of in-
dividual RNAs that mapped to a certain miRNA were
assigned to one cluster. The reference sequences from
miRbase were taken as representative sequences, and
their abundance was calculated as described for repre-
sentative RFs. In total, 1001 clusters were obtained (827
for RFs and 174 for miRNA), each represented by one
RNA species and a newly calculated abundance. Subse-
quently, a differential accumulation analysis was per-
formed for the representatives using edgeR and
comparing infected cells to controls. We considered rep-
resentative RNAs with log2 fold change (log2FC) ≥ 2 or
≤ −2 and a false discovery rate (FDR) < 0.05 as being sig-
nificantly differentially accumulated.

Additional file

Additional file 1: Figure S1. Representative electropherograms for total
RNA, long RNA (RNA > 200 nt) and short RNA (RNA < 200) samples
(Agilent Bioanalyzer 2100, RNA 6000 Nano Assay). Short RNA fractions
were taken for sequencing. To ensure the highest quality, only those
samples were selected, for which both corresponding total and long RNA
RINs exceeded 9. Figure S2. 2D–PAGE analysis of short RNA fractions
isolated from non-infected (72C, 96C) and infected (72I, 96I) Huh-7.5 cells.
For each sample representative results from three replicates are shown.
Figure S3. (A) Contribution of individual species representing particular
groups (miRNA and RNA fragments) to the total number of all RNA
species identified in this study. (B) Contribution of the accumulation of
individual species representing particular groups (miRNA and RNA
fragments) to the total normalized read count of all RNA species
identified in non-infected (72C, 96C) and infected (72I, 96I) Huh-7.5 cells.
Figure S4. Schematic representation of tRNA secondary structure. Figure
S5. Simplified scheme of C/D box and H/ACA box snoRNA secondary
structures. Rectangles indicate the functionally relevant regions. Figure
S6. Schematic representation of snRNA secondary structures. Predicted
secondary structures of snRNA depicted in black are based on: Patel, A. A.
and Steitz J. A. (2003) Splicing double: insights from the second
spliceosome. Nat Rev. Mol Cell Biol, 4, 960–970. Rectangles indicate the
functionally relevant regions. U6 snRNA and U6atac snRNA depicted in
gray are simplified and do not include the predicted motifs of secondary
structures. Figure S7. Schematic representation of Y RNA secondary
structures. Predicted secondary structures of Y RNA are based on:
Kowalski, M.P. and Krude, T. (2015) Functional roles of non-coding Y RNAs.
Int J Biochem Cell Biol, 66, 20–29. Rectangles indicate the functionally
relevant regions. (PDF 1262 kb)
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